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HIGHLIGHTS

*  While the acronym “Al” (artificial intelligence) has been used since the 1950s, recent technological advances have accelerated
its development and adoption. Al has the potential to significantly boost productivity and innovation, with generative Al already
improving efficiency in numerous tasks.

e  Al-related energy demand is rising rapidly, driven by applications and data centers that create major challenges for power grids
and energy suppliers. Due to their consistent power needs, data centers will have to rely on natural gas and nuclear energy.

* Investment opportunities span the full Al value chain from energy and chips to data infrastructure, model development, software
frameworks, and applied Al products and services.

*  For businesses, especially those in professional services and advisory roles, Al should be deployed as a co-pilot tool to speed
workflows, improve client engagement, and enhance compliance, while keeping human judgment at the center.

*  The long-term winners will be those who can blend Al adoption with governance when allocating capital or advising clients.

Overview

Al refers to the ability of machines to perform tasks that typically require human intelligence, such as learning, reasoning,
problem-solving, and understanding language. The economic implications of Al are wide-ranging. On the productivity front,
Al has the potential to unlock gains by automating routine tasks and augmenting human capabilities, particularly in sectors
such as healthcare, finance, and customer service. This could contribute to GDP growth, lower costs, and reshape labor mar-
kets by raising opportunities and challenges around job displacement and skills transitions.

From a market perspective, Al has already made a profound impact on capital allocation. Investment is flowing into Al in-
frastructure, software, and companies applying Al at scale. This is driving sectoral shifts, with tech, data-rich industries, and
Al-enablers poised to benefit. Yet progress remains uneven: Only about 5% of Al pilots are delivering meaningful returns,
leaving many companies and industries stalled on adoption. Furthermore, Al also introduces new risks, such as regulatory
uncertainty, ethical concerns, and potential disruption to business models.

Background and Al Models

The idea of Al has been around since the mid-1950s. In 1956, Arthur Turing proposed a test to determine if a machine could
exhibit human-like intelligence. The term “artificial intelligence” was coined at Dartmouth College in 1956 by computer
scientist John McCarthy. Al’s evolution has been rapid, from early chatbots like ELIZA to today’s multimodal large language
models (LLMs).
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There are 10 core components of Al:

1.

2.

Machine Learning: Enables Al systems to learn patterns from data and improve performance over time without being
explicitly programmed. An example is Netflix recommending shows based on your viewing history.

Robotics: Combines Al with mechanical components to create systems that can act and interact in the physical world,
such as self-driving cars or warehouse robots.

Deep Learning: A subset of machine learning that uses multi-layered neural networks to model complex patterns and
decisions. For example, Google Photos can automatically recognize people and objects in images.

4. Expert Systems: Al programs that mimic human expert decision-making using a set of rules and logic, such as medical
diagnosis tools that assist doctors in identifying diseases.
5. Reinforcement Learning: A type of machine learning where an agent learns by interacting with an environment and
receiving rewards or penalties. An example of this is AlphaGo, the Al that learned to play and master the game of Go.
6. Neural Networks: Algorithms inspired by the structure of the human brain, designed to process and interpret data
through interconnected layers, such as speech-to-text systems like those used in voice assistants.
7. Natural Language Processing (NLP): Allows machines to understand, interpret, and generate human language.
ChatGPT and translation tools like Google Translate are good examples of NLP
8. Computer Vision: Enables Al to interpret and analyze visual data from the world, such as images and videos that are
used in the facial recognition systems in smartphones and at airports.
9. Speech Recognition: Converts spoken language into text so that machines can understand and respond to voice input.
Examples include Siri, Google Assistant, and automated customer service systems.
10. Planning and Optimization: Allows Al o set goals and determine the best way to achieve them under constraints, such
as route optimization in apps like Google Maps and Uber.
/ N
The 10 Core Components of Artificial Intelligence
H
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« Enables Al systems to learn patterns « A subset of machine learning that + Algorithms inspired by the structure « Allows machines to understand, Enables Al to interpret and analyze
from data and improve performance uses multi-layered neural networks of the human brain, designed to interpret, and generate human visual data from the world, such as
over time without being explicitly to model complex patterns and process and interpret data through language. images and videos.
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+ Example: Netflix recommending + Example: Google Photos « Example: Speech-to-text systems tools like Google Translate used in smartphones and airports.
shows based on your viewing automatically recognizing people like those used in voice assistants.
history. and objects in images..
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+ Combines Al with mechanical « Al programs that mimic human * Atype of machine learning where an « Converts spoken language into text + Allows Al to set goals and determine
components to create systems that expert decision-making using a set agent learns by interacting with an so that machines can understand the best way to achieve them under
can act and interact in the physical of rules and logic. environment and receiving rewards and respond to voice input. constraints.
world « Example: Medical diagnosis tools or penalties. « Example: Siri, Google Assistant, or « Example: Route optimization in apps
« Example: Self-driving cars or that assist doctors in identifying + Example: AlphaGo, the Al that automated customer service like Google Maps or Uber.
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game of Go.
Source: SpringTide
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m Best Use Cases Provider | Provider Details
Grok 3 * Reasoning XA
* Math
. » Chatting
GPT-4.5 Preview . Creativity OpenAl
Gemini 2.0 Flash Thinking © Froplem solving Google
’ Matching what the user wants (alignment)
Gemini 2.0 Pro ° EEOID reasoning Google
» Math reasoning
ChatGPT-40 » Multimodal tasks (voice, vision, text) OpenAl
DeepSeek-R1 » Open-source reasoning DeepSeek
DeepSeek-V3 : E/Ildfrange cloding| DeepSeek
* Logic
Qwen 2.5-Max * Multilingual Alibaba
» Reasoning
GPT-4 Turbo * Fast, lower-cost assistant OpenAl
» Coding .
Claude 3.7 Sonnet - Summarization & dialogue Anthropic
Source: LLMStats.com, Microsoft Tech Community Blog, loT Analytics, Azumo.

» Live data access, making it valuable
for up-to-date information

» Advanced reasoning, math/science
problem-solving, multimodal abilities

* Leading reasoning benchmark and
multimodal integration

» Leading reasoning benchmark and
multimodal integration

» Advanced reasoning, math/science
problem-solving, multimodal abilities

» Exceptional in math & coding and
cost-efficient

» Exceptional in math & coding and
cost-efficient

» Open-source accessibility and strong
performance, cost-effective.

» State-of-the-art reasoning capabilities

» Best-in-class coding performance and
ethical Al dedication

J

LLMs are built using deep learning and trained on massive datasets to predict and generate text, answer questions, summarize
information, and more. Models vary widely in size, from billions to hundreds of billions of parameters (the internal values
LLMs adjust to learn patterns in data), impacting their power and computing demands. Below is a summary table of the top

10 largest and most well-known LLMs.

Al hyperscalers are the largest cloud
and infrastructure providers with the
scale, computing capacity, and capital
to build, train, and deploy these cut-
ting-edge Al models. Amazon Web Ser-
vices (AWS), Alphabet’s Google, Micro-
soft's Azure, and Meta are the largest
U.S. Al hyperscalers. AWS is the largest
hyperscaler with a 19% market share.
Overall, Al hyperscaler capital spend-
ing increased by nearly 60% between
2023 and 2024 and is estimated to rise
to $340 billion by the end of 2025.

Economic Implications

Labor and Productivity: Al can signifi-
cantly boost output per hour, with gen-
erative Al already reducing time spent

-

Al-Specific Jobs have Surged to Nearly 3% of Total U.S. Job Postings
Al Job Postings in the U.S. by Skill Cluster, % of Total Job Postings (2024)

3.0%
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Robotics
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M Generative Al
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15% Natural Language Processing
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0.5%
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Source: Stanford University HAI Al Index 2025 Annual Report
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Occupation

Customer Service Representative
Data Specialist

Software Engineer

Project Manager

Management & Business Consultant
Advertising & Marketing Professional
Writer & Editor

Finance Professional

Cybersecurity & IT Specialist

Hotel & Hospitality Manager
Pharmacist

Physical Scientist

Radiologist

Social Worker

Teacher

Farmer & Agricultural Engineer
Event & Food Service Manager
Driver & Transport Operator
Veterinarian

Industrial & Mechanical Trades
Dentistry

Production & Manufacturing Trades
Construction & Building Trades

Source: The Al Labor Index & the Anthropic Economic Index

Automation Adobtion Economic Impact
Potential P ($Bn)

3.85 0.1% $124
3.14 2.0% $26
3.10 28.4% $288
3.10 0.4% $99
3.09 1.3% $561
3.09 2.0% $183
3.07 6.1% $24
3.00 3.5% $424
2.99 7.3% $301
2.83 0.2% $49
2.77 0.1% $45
2.68 1.5% $7

2.65 0.2% $11

2.59 0.3% $81

2.54 24.0% $449
2.42 0.1% $12
2.15 0.7% $477
2.00 0.2% $239
1.92 0.1% $20
1.86 1.4% $199
1.78 0.1% $62
1.75 0.8% $397
1.55 0.4% $318

J

on tasks like writing, analysis, and programming by 60%-80%. However, job displacement pressures are visible in service
operations and entry-level roles, while demand is rising for Al-specific skills. The net effect will likely be labor reallocation
rather than wholesale elimination. In the words of Nvidia CEO Jensen Huang, “You're not going to lose your job to Al, but

you're going to lose your job to someone who uses A

|II

Al-specific jobs have surged to nearly 3% of total U.S. job postings. According to a McKinsey survey, generative Al is expect-

ed to see notable increases in technology and
product and service development jobs, while
the service operations workforce size is ex-
pected to shrink. Of the survey’s respondents,
46%believe that more than 20% of the total
workforce will need to be reskilled within the
next three years.

According to the Al Labor Index (see https://
www.ailaborindex.com/), 45% of tasks have the
potential for complete automation, but no job
is entirely automatable, although customer ser-
vice representatives have the highest automa-
tion potential of all jobs. The table below is a list
of the most to least automatable occupations.
Note that “Automation Potential” is a score in-
dicating how automatable the nature of the job

s

~
Al and Data Centers Are Expected to Drive U.S. Power Demand-

Data Center Electricity Demand, TWh Data Center Electricity Demand, % of Total U.S. Demand
500

Electricity Demand in TWh (LHS)

7.5 8
—e—Electricity Demand as % of Total U.S. Demand (RHS)

400
6.0

300

200

2.0
100

2020 2022

2030
(Original Estimate)

2030
(Including Min Gen Al
Usage)

2030
(Including Max Gen Al
Usage)

Source: Bloomberg, Boston Consulting Group, U.S. Energy Information Administration
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The Al Investment Stack

1. Energy & Energy 2. Chips 3. Data 4. Al Model 5. Software 6. Apps &
Infrastructure ) Infrastructure Companies Infrastructure Services
Power generation, High-performance Physical and cloud-based Organizations developing Middleware and The applied layer where Al
transmission, and semiconductors such as architectures for data and commercializing development frameworks capabilities are embedded
distribution systems GPUs and ASICs that storage, networking, and foundational Al models, that enable Al integration, into products, platforms, and
designed to meet growing provide the computational processing, encompassing including LLMs, as well as including APls, and workflows, spanning
energy requirements of Al, throughput required for Al hyperscale data centers, hyperscalers offering large- connectivity solutions for enterprise software,
including sustainable energy model training and inference high-speed interconnectors, scale training and enterprise and consumer consumer applications, and
and grid modernization and distributed storage deployment capabilities applications emerging Al ventures.
solutions

Source: SpringTide

G J

is. This ranges from 1 (automation is infeasible and humans are essential) to 5 (job is fully or nearly fully automatable). “Adop-
tion” refers to the current real-world usage of Al tools per job field. This is based on data from the Anthropic Economic Index.
Lastly, “Economic Impact” represents the potential value that could be unlocked through automation. This value is calculated
based on total wages and the percentage of tasks with high automation potential.

Energy and Power Demand: Data centers and Al workloads are straining power grids. U.S. demand is set to double by
2030, and given their need for reliable baseload, Al data centers are leaning on natural gas and nuclear. This elevates utili-
ties, nuclear, and grid modernization as indirect beneficiaries of Al.

The EIA's latest Short-Term Energy Outlook projects U.S. electricity consumption to grow by 1.7% annually through 2026, re-
versing nearly a decade of flat demand. Longer term, a study from the National Electrical Manufacturers Association (NEMA)
forecasts a 50% increase in consumption over the next 25 years, driven largely by data center expansion and the rise of e-mo-
bility. With data centers requiring constant, reliable output, natural gas and nuclear remain the most viable sources to meet
this demand. Reflecting this need, the White House issued four executive orders on May 23, 2025, to overhaul and accelerate
the nuclear sector with the aim to quadruple capacity by 2050, streamline regulations, and strengthen supply chains. Togeth-
er, these steps position nuclear power at the center of U.S. energy, economic, and security policies. According to leading Al
companies, power constraints are the key to future Al development. Sam Altman, the CEO of OpenAl (who created ChatGPT)
in July noted, “The limit won't be the algorithms and the research, but it’ll increasingly become the physical instantiation that it
takes to make this work. Chips, cables, servers,

energy, everything that you need to power this ~N

brain. And the more of i, the better.” Data Infrastructure Includes Architectures for Data Storage
Growth of 100

In their second-quarter earnings call, Amazon 210
CEO Andy Jassy said, “You see some of the
constraints and they exist in multiple places...
the single biggest constraint is power.” 170

190

Data Infrastructure Basket —S&P 500 Index

150
Market Implications

Investors are seeking to determine how best to
position themselves for the growth of Al, not 110
only through established leaders such as Nvidia
and Microsoft, but across the broader Al invest-
ment ecosystem. Investment opportunities can 70

be orronged into six |oyers: energy, chips, deG Oct-20 Jun-21 Feb-22 Oct-22 Jun-23 Feb-24 Oct-24 Jun-25
infrostrucfure, models, SOHWGre ermeWOrkS, \ Source: Bloomberg. Data infrastructure basket: 100% Solactive Data Center REITs & Digital Infrastructure Index. /

130

90
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and applications. Each layer has distinct risk/re-  /~ 2
turn. For examplel energy Gnd chlps O'H:er scole The Most Valuable Al-Native Companies are Priva'ely Held

and visibility, whereas applications offer growth Post-Valuation Deal History, $Mn

but face adoption hurdles. 350,000
—O0penAl (Al Model) - $300bn

Below are some details of the Al investment stack: 300000 Anthropic (Al Model) - $170bn*
XAl (Al Model) - $75bn
1. Energy & Infrastructure: Includes power 250000 Databricks (Software Infrastructure) - $100bn
generation, transmission and distribution a0000 | —Scale Al (Software Infrastructure) - $29bn
companies, such as utilities companies, ura- Perplexity Al (Apps & Services) - $18bn
nium and nuclear companies, and oil pro- 160000 |+ —Harvey (Apps & Services) - $5bn
duction and exploration companies. 100,000
2. Chips: This part of the Al investment stack 50,000
includes high-performance semiconductors, /—I
such as GPUs and ASICs. OJaanW Juk21 Jan-22 k22 Jane23 Juk23 Jan-24 Juk24 Jan-25 Juk25 Jan-26
3. Dq',a Infl’ash‘uciure: |nC|UC|eS ’rhe thSiCGI Source: Pitchbook, SpringTide. *Anthropic’s September 2025 number is an estimate.

G J

and cloud-based architectures for data stor-
age, networking, and processing. Data cen-
ter REITs and digital infrastructure companies fall into this part of the Al investment stack.

4. Al Model Companies: This part of the Al investment stack includes organizations developing and commercializing
foundational Al models, including LLMs, such as ChatGPT. Companies in this part of the Al investment stack include both
public companies (such as Meta and Alphabet) and private companies, including OpenAl, Anthropic, and xAl. Notably,
the most valuable Al-native companies are privately held.

5. Software Infrastructure: Includes middleware and development frameworks that enable Al integration. Snowflake and
Gitlab are examples of these types of companies.

6. Apps & Services: Represents the applied layer where Al capabilities are embedded into products, platforms, and work-
flows. Palantir, C3.ai, and SentinelOne are some of the companies that fit into this part of the Al investment stack.

Hyperscaler capex is running at record highs, with Microsoft, Google, and Meta signaling further investment in 2026. For
2025, Meta has raised 2025 capex spending from $65 billion to $72 billion, while Alphabet increased its planned capex
spending from $75 billion to $85 billion for the
year. S&P 500 earnings growth is increasingly

. . / N
concentrated in technology and communica- In Q2, Meta and Alphabet Raised Their 2025 Al Capex Outlook

. . B . .
Tlons’ reﬂechng Al's pU“ on CGp”Gl G”OCGhOn. Reported Al-Related Capital Expenditure in Current Fiscal Year, $Bn

140
Private equity and venture capital-backed invest- . Q12025 FY Estimates

ments in Al technology have increased, indicat- Q22025 Updated FY Estimates
ing strong interest and opportunity from within 100

private markets to capitalize on Al’s growth and
innovation potential. Venture and private equity
continue to pour into Al, with OpenAl, Anthrop- 60
ic, and xAl commanding valuations north of
$70 billion to $300 billion. Meanwhile, smaller

80

40

players are innovating in vertical applications 2
and developer tooling. Globally, private Al in- 0
vestment increased 45% between 2023 and Meta Microsoft Alphabet Amazon Tesla Apple*

1 1 1 Nn- Source: Bloomberg, FactSet, Meta, Microsoft, Alphabet, Amazon, Tesla, Apple earnings transcripts. *Apple has committed
2024 DeSplTe recen’r ﬂUCfUGfIOﬂS, perGfe AI mn $500Bn investment over the next four years in data centers, advanced server and chip manufacturing, and its hybrid Al/data
vestment globally has grown substantially over — \_centerstrategy. Y,

the past decade.
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Using Al 4

The following is a brief overview of practical

ways Al can be leveraged today in business and 400
the risks to using it from client and business per- 350
spectives. 20
Real-world Al deployments span from call cen- 250
ters to legal drafting and compliance. In health-

200

care, Al is speeding up drug discovery. For ex-
ample, Moderna recently credited Al for cutting 150
vaccine design time from months to weeks. In
law, junior associates are using Al fo summa-
rize case law, freeing them to focus on strategy.
In finance, asset managers are experimenting 0
with Al-driven research, portfolio management,
and compliance monitoring. In advisory work, |

100

50

Despite Fluctuations, Global Private Al Investment Has Surged Since 2013

Total Global Corporate Investment in Al by Investment Activity, $Bn

Merger & Acquisition
Minority Stake
Private Investment
Public Offering

—e—Total

$15

2013

2014

2015 2016 2017

2018

Source: Stanford University HAI Al Index 2025 Annual Report

$361

$252
$253 /
$201
g
2019 2020 2021 2022 2023 2024

~

J

Al is drafting newsletters, analyzing client port-
folios, and improving reporting efficiency. For

firms, the best approach is to use Al as a force multiplier—augmenting human advisors rather than replacing them. The
opportunity is scale, but the risk is over-reliance as compliance, accuracy, and bias must be actively managed.

Below is a table of the use cases, benefits, and risks of implementing Al into business practices:

Research, Writing &
Reporting

Document summarization, drafting of papers and
reports, data visualizations, editing reports

Market sentiment analysis, predictive analytics,
algorithmic and high-frequency trading, options
pricing, forecasting

Capital Markets

Advisory platforms, tax-loss harvesting, goal-based
investment planning, behavioral analytics to improve
investor outcomes

Wealth & Asset
Management

Real-time regulatory reporting, model validation and
stress testing, scenario modelling for market, credit,
and operational risks

Risk & Compliance

Credit scoring and loan underwriting, fraud

Retail & Commercial detection, transaction monitoring, customer service

Eanking chatbots, personalized financial planning
Portfoli Dynamic portfolio adjustments based on market

Clailly signals, automated portfolio rebalancing, stress
Management

testing and scenario analysis

Automated document summarization and extraction

Due Diligence and synthesization of data from multiple sources

Contract review, document classification, case law

Legal research, regulatory monitoring

Automated note-taking, meeting summarization,
record-keeping, product delivery, report delivery
systems

Administrative

Improved speed and efficiency of report
production, reduced workloads, wider source
coverage, consistent style and formatting

Faster market insights, execution speed, data-
driven trading

Lower costs for investors, improved client
engagement through personalization

Improved early warning systems, improved
compliance accuracy, reduced manual workloads

Faster and more accurate lending decisions,
enhanced fraud prevention, 24/7 customer
support, personalization at scale

Improved diversification, consistent risk controls,
faster response to market changes, scalable
personalization for clients

Faster document analysis, improved accuracy in
identifying risks and opportunities, better
information processing efficiency and delivery

Faster document analysis, improved compliance
detection, tracking of evolving legal frameworks

Reduced manual workloads, more accurate
record-keeping

4 N\
P I S L

Hallucinations and factual errors, reduced critical
thinking, plagiarism and intellectual property risks,
insufficient human review, misinterpretation of
critical information

Feedback loops causing volatility, market
manipulation concerns, regulatory oversight issues

Regulatory compliance challenges, overreliance on
automated advice, potential misalignment with client
objectives, inaccurate information

Model risk if assumptions are flawed, penalties for
non-compliance if Al outputs are inaccurate

Bias in credit models, false positive/negatives in
fraud detections, customer data privacy concerns

Overfitting to historical data, excessive turnover
increasing costs, reliance on inaccurate or
incomplete data, lack of transparency in allocation
logic

Potential to overlook or misinterpret critical
information, data privacy concerns, insufficient
human review

Liability risks if Al systems are incorrect or misused,
ethical concerns with Al decision-making,
inadequate regulation and oversight of Al outputs

Data privacy concerns, plagiarism and intellectual
property risks, potential to misinterpret or omit
critical information, lack of human review

Source: World Economic Forum, Bank for International Settlements, IBM, AlMultiple, McKinsey, Stanford HAI 2025 Al Index Report, Financial Times, European Central Bank
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Case Studies 4 A

Only 5% of Custom Enterprise Al Tools Reach Production

A recent MIT study found that industry-level

Success Rate of Al Tools from Pilot to Production Stage

generative Al transformation remains limited as 90
: P 80%
only tech, media and telecommunication, and 0 General-Purpose LLMs
professional services industries reported signs | Embedded or Task-Specific Generative Al
of structural disruption. 60%
60
Further, only 5% of custom enterprise Al tools @ 50%
reach production. The MIT study notes that 40%

40
chatbots tend to gain traction because they're

simple to deploy and broadly adaptable, but o

20%

they often fall short in mission-critical workflows 2

where memory and customization matter. En- 10 5%
thusiasm and budgets are usually enough to 0

launch pilo’rs but Turning them into workflow-in- Investigated Piloted Successfully Implemented
tegrated systems that deliver lasfing volue is far | S W7o Smect i St 2 e contuc 172025 s i oy s

less common. Key takeaway: adoption is high, - J

but transformation is rare, with poor enter-
prise-level Al tools a key reason for slow adoption.

The MIT study also found five myths about generative Al in businesses:

1. Al will replace most jobs in the next few years. Research found limited layoffs from generative Al, and only in indus-
tries that are already significantly impacted by Al. There is no consensus among executives as to hiring levels over the
next 3-5 years.

2. Generative Al is transforming business. Adoption is high, but transformation is rare. Only 5% of enterprises have Al
tools integrated in workflows at scale and 7 of 9 sectors show no real structural change.

3. Enterprises are slow in adopting new tech. Enterprises are exiremely eager to adopt Al and 90% have seriously ex-
plored buying an Al solution.

4. The biggest thing holding back Al is model quality, legal, data, and risk. What's really holding it back is that most
Al tools don't learn and don't integrate well into workflows.

5. The best enterprises are building their own tools. Internal builds fail twice as often.

An Apple study found that as task complexity increases, LLMs initially allocate more tokens (or thinking effort) but then reduce
reasoning effort, which leads to a collapse in accuracy. The study found that for simple tasks, LLMs often get the right answer
quickly but keep exploring wrong options, wasting tokens. Even when given the right step-by-step method, they often don’t
follow it correctly, showing weak problem-solving with symbols and rules. Key takeaway: Al is not perfect; it cannot replicate
human experience and often fails at efficiently solving complex yet logical tasks.

When using Al in business, always consider both the abilities and limitations of different LLMs. For example, LLMs (ChatGPT
and Gemini, for example) are unable to play chess. However, IBM’s DeepBlue Al model defeated World Chess Champion
Garry Kasparov in 1997 because that was its purpose! LLMs (like ChatGPT) are trained to predict the next word in text, not to
evaluate millions of board positions or calculate optimal moves. LLMs may produce plausible chess moves in conversation,
but they lack the structured reasoning and rules enforcement that chess engines have. Key takeaway: Use the right tool for
the right task.

The reliability of LLM responses often comes into question. Reddit and Wikipedia are the top-cited sources for several major
LLMs, including Google’s Al Overview, ChatGPT, and Perplexity. A McKinsey study found that people are just as likely to fully
review Al outputs as they are to barely check them. The study found that 30% of respondents said that they reviewed a maxi-
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mum of up to 20% of all Al outputs, and only 27% of survey respondents said that they reviewed 100% of Al outputs. Further-
more, generative Al models can produce outputs that are plausible but incorrect, and these are known as ‘hallucinations.’
Common causes of hallucinations include insufficient data, faulty architecture, overfitting, or the method of generation for the
Al model. Key takeaway: Cross-check facts as Al can fabricate or miss nuance, so use it as a draft and not a source of record.

Summary

The economic implications of Al are both broad and profound. On the productivity front, Al has the potential to drive signif-
icant gains by automating routine tasks and enhancing human capabilities by supporting GDP growth, lowering costs, and
reshaping labor markets. At the same time, these shifts bring challenges, including job displacement and the urgent need for
new skills. From an investment perspective, Al is already redirecting capital toward infrastructure, software, and companies
deploying Al at scale, fueling sectoral realignments that favor technology leaders, data-intensive industries, and Al enablers.
Yet progress remains uneven. A recent MIT study found that only 5% of enterprise generative Al pilots have delivered mea-
surable value. As with any disruptive technology, risks—spanning regulation, ethics, and business-model disruption—are real
and evolving. Ultimately, Al is not only transforming technology itself but also reshaping industries, capital flows, and energy
systems, with opportunities and challenges that are as vast as the pace of change is swift.

For businesses, especially in professional services and advisory, Al should be deployed as a co-pilot tool to speed workflows,
improve client engagement, and enhance compliance while keeping human judgment at the center. The long-term winners
will be those who can blend Al adoption with governance when allocating capital or advising clients.
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serves as Chief Investment Officer. Lisa brings over 25 years of
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the University of Southern California. Lisa holds the designation of LISA RUSSELL. CFA
Chartered Financial Analyst (CFA), and is a member of the CFA Chief Investment Officer

Institute and the CFA Society of Seattle.

IMPORTANT INFORMATION

PURPOSE OF THIS MATERIAL

This general market commentary is intended for informational purposes only. The views and opinions expressed represent the
judgment of the author based on current market conditions, are subject to change without notice and may differ from those
expressed by other departments or employees of Peak Trust Company. This material does not constitute Peak Trust Company
research, nor should it be considered a recommendation of a particular investment or investment strategy or a solicitation for
the purchase or sale of any security or other financial instrument. Investing involves market risk, including the potential for loss
of principal. Past performance and any forward-looking statements are not guarantees of future results.

We believe the information contained in this material to be reliable and have sought to take reasonable care in its preparation;
however, we do not represent or warrant its accuracy, reliability or completeness, or accept any liability for any loss or damage
(whether direct or indirect) arising out of the use of all or any part of this material. Peak Trust Company does not provide legal,

tax or accounting advice so you should seek professional guidance if you have such questions.

All market pricing and performance data is from Bloomberg, unless otherwise cited. Asset class and sector performances are

gross of fees, unless otherwise indicated.

Peak Trust Company clients should rely on their custodial statements for the official investment activity records and should

contact their custodian with any questions regarding monthly/quarterly receipt of those statements.

Neither this message nor any portion of its contents may be reproduced, redistributed or disseminated, without the prior

written consent of Peak Trust Company.

ABOUT PEAK TRUST COMPANY

“Peak Trust Company” is the brand for a group of affiliated state chartered professional trust companies headquartered in
Anchorage, Alaska. Separate state charters are maintained for operations in Alaska and Nevada as Peak Trust Company-AK
and Peak Trust Company-NV. More information about Peak Trust Company, including our services, investment strategies, fees
and objectives, are available upon request by calling (888) 544-6775, or visiting www.PeakTrust.com.
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